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Abstract

This 4 hour hands-on tutorial provides researchers with prac-
tical tools and frameworks for TikTok data collection for
Computational Social Science. Recent work systematically
testing three TikTok data collection techniques (currently un-
der review at the 2026 ICWSM Conference) reveals TikTok
data collection method decisions dramatically alters research
results. Participants in our tutorial will learn how to use web-
scraping data collection methods (Pyktok and Apify) as well
as the official TikTok Research API. This tutorial will ex-
plore best practices for data collection from three endpoints—
Users, Hashtags, and Comments—using strategies identified
through stress testing that: 1) Reduce algorithmic selection
bias in data collection; 2) Substitute or fill missing data by
combining multiple tools for a more complete dataset; and
3) Improve collection efficiency by balancing resources and
dataset size (including strategies to minimize resource waste).
Lastly, we introduce a checklist for reporting data collection
procedures and results to increase the transparency, replica-
bility, and generalizability of TikTok research. By engaging
in this tutorial, researchers will be equipped with actionable
methods to obtain high-quality TikTok datasets and decision-
making criteria for optimizing collection parameters to an-
swer empirical TikTok research questions.
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Freelon is the main author of Pyktok, an open-source
Python module for collecting video, text, and metadata from
TikTok. Pyktok is designed primarily to serve scientific re-
search, enabling data collection from hashtags, user pro-
files, comments, and “You may like” videos (or so-called
related videos). The tool has been ported to R as “traktok,”
demonstrating its broad impact across the computational so-
cial science community. He also developed ReCal, a free
online intercoder reliability service, that has been running
continuously since 2008 and used by tens of thousands of
researchers worldwide.
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funding from grantmakers including the Knight Foundation,
the Hewlett Foundation, the Spencer Foundation, and the
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remains Senior Researcher at the Center for Information,
Technology, and Public Life at the University of North Car-
olina at Chapel Hill, one of five academic research centers
in the Knight Research Network (est. 2019) to receive its
highest level of funding. His research and commentary have
been featured in press outlets including the Washington Post,
NPR, The Atlantic, Buzzfeed, Vox, USA Today, the BBC,
PBS NewsHour, CBS News, NBC News, and many oth-
ers. Unlike many computational social scientists, he centers
questions of identity and power in his work, paying particu-
lar attention to race, gender, and ideology.

Topic and Relevance
Introduction & Overview

The recent growth of TikTok, especially among younger
generations, has sparked substantial scientific interest, mak-
ing it a central platform for data-driven behavioral and social



science research. Yet, TikTok research remains in its prelim-
inary stage. Little is known about the quality, validity, and
reliability of data retrieved from the platform’s newly re-
leased official Research API Wrapper, or how it compares
to open-source alternatives such as Pyktok and commercial
third-party platforms like Apify. These three tools vary in
accessibility, cost, and technical requirements, presenting
challenges for researchers looking to build comprehensive
and/or randomly sampled datasets of general user behavior
or platform phenomena.

This 4 hour tutorial, based on ongoing empirical stress-
testing and comparative analyses by the authors (Jeon et al.
2026), introduces practical strategies to increase the rigor of
empirical TikTok datasets. It addresses challenges related to
algorithmic bias, including but not limited to popularity, re-
cency, and geolocation biases. These biases have been noted
in recent TikTok research, where scholars have noted dis-
crepancies between API documentation and the data they
receive(Pearson et al. 2025), underscoring the necessity of
transparently reporting the limitations of TikTok data col-
lection and methodologies (Corso, Pierri, and De Fran-
cisci Morales 2024). We aim to equip researchers across
all levels of computational expertise—f{rom beginners to ad-
vanced programmers—with practical tools and methodolog-
ical guidance for collecting and preprocessing TikTok data
using both the official Research API and web-scraping ap-
proaches (Pyktok and Apify).

Unresolved issues in TikTok Data Collection

The authors and colleagues conducted a 3-wave panel data
collection, querying the TikTok API at three time points (10-
day intervals) to systematically compare the coverage and
overlap of three data collection techniques for hashtags, key-
words, comments, user accounts, and related videos over
time. Holding queries constant across collection tools, we
revealed substantial variations in data recency, engagement
metrics, and API hyperparameters (notably one that is sup-
posed to generate random samples). In doing so, we corrob-
orate concerns raised by recent studies (Corso, Pierri, and
De Francisci Morales 2024; Jeon et al. 2026; Pearson et al.
2025), across the two dominant modes of TikTok data col-
lection:

¢ Web-Scraping (Front-End Data Collection)—
Captures data directly from the web interface, closely
emulating the user browsing experience. While this
method provides high-fidelity snapshots of what users
actually see, it is highly influenced by TikTok’s opaque
algorithmic content curation, introducing biases in the
visibility and selection of videos.

» Official TikTok Research API— Retrieves data from
the platform’s back-end servers through RESTful
HTTP/HTTPS protocols with structured documenta-
tion. This method allows for direct access to TikTok’s
databases, but video selection processes are obscured be-
hind TikTok’s internal API decision scaffolding.

Findings from our related paper show that data collected
through the API and via web-scraping are often distinct—
sometimes exhibiting no overlap (Jaccard similarity ~ 0)—

even when retrieved simultaneously using identical queries
and hyperparameters. These discrepancies limit replicabil-
ity and generalizability of empirical TikTok research. Fac-
tors such as quota limits, undocumented data collection in-
frastructures, differing supported endpoints, and inconsis-
tent data formats further hinder scientific reproducibility. We
also identify undocumented behaviors of the three tools—
such as unanticipated data loss, quota waste, and unclear
limits on resource usage—that make it difficult to assess data
completeness or collection efficiency. This lack of trans-
parency and standardization poses major challenges to ad-
vancing reliable, large-scale TikTok data analysis.

Content overview & Detailed Schedule

In the 4 hour tutorial, we will provide in-depth examples of
how researchers might scaffold data collection pipelines us-
ing each data collection tool-the official research API, Pyk-
tok, and Apify (Table 1, sessions 2-4). Additionally, to ad-
dress the challenges mentioned above, we introduce a data
collection framework that combines web-scraping and the
official API as complementary methods, using the strengths
of each, to systematically reduce bias and improve the com-
pleteness of the data set (Table 1, session 5). The session
will conclude with guidelines for methods and limitations
reporting and a brief reflection on how the web and social
media research community can and should collect TikTok
(and other social media data) in the future (Table 1, sessions
6-7)

Session Presenter Duration
1. Introduction & Overview Cameron Moy 30 mins
2. Official Research API Data Collection  Gayoung Jeon 30 mins
3. Pyktok Data Collection Cameron Moy 30 mins
4. Apity Data Collection Gayoung Jeon 30 mins
Break 15 mins
5. Combining Tools Gayoung Jeon 45 mins
6. Methods & Limitations Reporting Cameron Moy 30 mins
7. Closing Thoughts and Reflections Cameron Moy 30 mins

Table 1: Tutorial Schedule

Transparency checklist for replicability

We argue that reflecting on the scope of datasets—and
therefore the scope of valid claims—is critical. One ap-
proach is to systematically consider factors that influence the
data collection process. For example, resource constraints
such as hardware limitations or budget considerations may
explain methodological choices (e.g., why Pyktok was se-
lected over Apify). Additionally, researchers should clearly
define constructs to reduce ambiguity. For instance, “influ-
ential posts” could refer to content with high engagement
metrics (e.g., >1,000 comments or >50,000 likes) or con-
tent with extended visibility duration (e.g., remaining vis-
ible for >30 days)—these require fundamentally different
data collection settings. Given this, explicitly reporting the
thresholds defining conceptual boundaries and the specific
metrics used to operationalize these constructs will enhance
scientific rigor and facilitate cross-study communication.
Additionally, not every study will necessarily make causal
claims or require data that represents the broader platform



environment. If research interests address a specific niche
rather than platform-wide patterns, this scope should be ex-
plicitly acknowledged. Transparency about these boundaries
strengthens rather than weakens empirical TikTok research.

To facilitate such a practice within the web and social me-
dia research community, we propose a checklist for report-
ing data collection procedures for academic papers and be-
yond. The checklist will document tool selection, queries,
quotas, data access points (e.g., back-end API vs. front-
end user interface), collection dates, collection modes (auto-
mated via API or manual through user interface), sampling
strategies and their rationale, collected data attributes, and
validation checks to confirm that returned data is available
on the platform (via web or mobile). We propose this check-
list as a starting point, not a set of requirements, for thinking
about methodological choices in web and social media re-
search.

Relevance to ICWSM

Given TikTok’s ubiquity, influence, and controversy, the
platform has become a popular site of internet and social
science research, with over 72,000 Google Scholar entries
mentioning “TikTok” in 2024 alone. TikTok’s popularity has
garnered significant scholarly attention at [CWSM spanning
topics of global political issues, misinformation and hate
speech, and algorithmic bias (Ji et al. 2025; Luik, Setiawan,
and Sitindjak 2025; Rejeb et al. 2024; Sharevski and Zeidieh
2025; Galdeman and Aiello 2025; Ungless, Markl, and Ross
2025; Yang et al. 2025; Pinto et al. 2024). Yet, as research
interest in TikTok data initially accelerated in the absence of
established data collection methods, we know less about the
quality of collected data from the different available tools. In
a full paper concurrently under review at ICWSM, we find
that different TikTok data collection methods return drasti-
cally different data samples (Jeon et al. 2026). As TikTok
research remains in a preliminary stage, transparent and re-
producible data collection practices are especially critical for
making research accessible and comparable across studies.
Given that ICWSM is at the forefront of internet and Tik-
Tok research, our hands-on tutorial aims to give researchers
the tools they need to conduct rigorous TikTok data collec-
tion, as well as the reflexive skills to critically examine the
validity of their research methods, results, and limitations.

Tutorial Type

This will be a 4 hour hands-on tutorial, consisting of demon-
strations, guided coding sessions, and supplementary docu-
mentation. Participants will perform live data collection us-
ing their own queries (e.g., hashtags, usernames, or events).
All materials will be accessible on-site via a QR code linking
to our GitHub repository. Participants should bring a laptop
with VS Code (or a different code editor) pre-installed. Al-
though not required for participation, to make the most of
the workshop, we recommend participants 1) apply for Tik-
Tok’s Official Research API (https://developers.tiktok.com/
products/research-api/) at least one month in advance, and
2) sign up for an Apify account (https://apify.com/), which
offers $5 worth of free credits.

Audience Prerequisites

The tutorial welcomes participants of all backgrounds. Pro-
gramming experience is not required for participation, but
familiarity with Python is recommended. Attendees will
gain hands-on experience with:

» Accessing TikTok data using both the Research API and
web-scraping tools.

* Identifying overlapping data attributes and merging
multi-source datasets.

* Recognizing and reducing TikTok sampling biases.

* Applying transparent documentation practices for repli-
cability.

Tutorial Materials

Participants will receive Python scripts, documentation, and
example datasets. All materials are open-access and free of
copyright restrictions.

Previous Tutorials
This tutorial has not previously been presented.
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